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* Hamessing Context Sensing to Develop a Mobile Intervention for Depression (Journal of
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Mean accuracy indicators for machine learning models of categorical states common to all treatment completers (N = 7)

Model Mean accuracy (%) 95% CI?

Location 60.3 432-772
Alone in the immediate vicinity (Y/Nb) 80.1 76.2-84.5
Friends in the immediate vicinity (Y/N) 90.8 84.3-95.7
Alone in the larger environment (Y/N) 72.6 61.0-82.8
Miscellaneous people in the larger environment (Y/N) 90.9 83.8-97.3
Having a casual conversation (Y/N) 66.1 54.0-77.6
Not conversing (Y/N) 64.5 58.4-70.3

2 Bias corrected and accelerated 95% confidence intervals (CIs) using 1000 bootstrap samples.

b yes/no.
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SmartCoping A mobile solution for stress recognition and prevention
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© RS EARMTE HAHEAE L
“The EAR was programmed to record 30-s snippets of ambient sounds approximately every 12min during
participants’ waking hours. Students’ social environments and use of language in their natural “

S REH : “ The Sounds of Social Life: A Psychometric Analysis of Students’ Daily Social Environments and
Natural Conversations “ 2003 “Journal of Personality and Social Psychology
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*  FSCUEHE :ASurvey of Mobile Phone Sensing
it FH R T ) P =t o

“ An off-the-self iPhone 4, representative of the growing class of sensor enabled phones. This phone
includes eight different sensors: accelerometer, GPS, ambient light, dual microphones, proximity
sensor, dual cameras, compass, and gyroscope. ”
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Technology
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—IE%E £ FJournal of Medical Internet Researchf 92 E 7, i HE AR A (E AR I BE HO B5Lh2,
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* Mobile Phone Sensor Correlates of Depressive Symptom Severity in Daily-Life Behavior: An
Exploratory Study

* J Med Internet Res 2015;17(7):e175

HPEERIR A T AR F4% GPS Fin H EBURERACH T P o2 A E R . B kS M, AR

BAFLME A RE FRMCER R B 2 B B 2 T e, YEMER 2R T 86.5%.

A SRR, A RER AP BB 1T A BB KA 5 (David C. Mohr) &6a 138 HHAFZE ¥R N GEERHY

s, BNwTLL TIEth i) Ayl 2 el B ERAMEE A RRIAT & K 3R

RANHE TR, B EHAE RN R A H AL R 2D A Te85r 8t kA & EAPARAE ) A Ath AT
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ST TS, 7

8 B B AR © http: / /www.hksilicon.com /articles /841032
http: / /www.cnbeta.com/articles /411787 htm
A SCSCRAE AL « http: / /www.jmir.org /2015/7 /e175/

YOBER.2016



i SO B 7 {5

B EFIEE 40 44 9E BT TIEHE,  MUMHER RO AR BB AL T 44 % Purple Robot HfE R 5

Zé%f:\ﬁﬁ EHEE IR TRV A GO SR B, AT DA AR BB A AT 2% THAN S B Al
A Tﬁbo

Classification (PHQ9<=5 vs PHQ9=5) PHQ-9 score
estimation

Training features % mean % mean % mean Mean NRMSD (SD)

accuracy (SD)  sensitivity specificity
Entropy 69.7 (3.5) 66.8 727 0.262 (0.017)
Normalized entropy 86.5(3.4) 884 849 0.235(0.016)
Location variance 75.7(4.6) 80.2 715 0.229 (0.014)
Home stay 75949 80.5 71.7 0.253 (0.015)
Transition time 41.109.2) 434 38.7 0.303 (0.020)
Total distance 564 (6.6) 69.6 434 0.343(0.041)
Circadian movement 786 (4.1) 80.1 77.5 0.222(0.014)
Number of clusters 415(8.9) 474 355 0.305(0.022)
All 78.8(6.2) 836 745 0.251(0.023)

(AR SRR SR ]« Purple Robot
https:/ /play.google.com/store /apps/details?id=edu.northwestern.cbits.purple_r
obot_manager&hl=en
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